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Prediction of metal oxide performance based on machine learning and

multi-scale feature
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Abstract Material informatics is the application of information technology in material science,and the material
data is analyzed and predicted by material information database and integrated material design platform. The main
research was to predict the metal oxide physical properties by using different machine learning (regression analysis)
methods and different feature selection algorithms to select the optimal feature subset from a large number of multi-
scale feature sets.The most effective machine learning algorithm model was concluded for every material characteristic.
At the same time, the performance improvement effect of feature selection algorithm was got for different machine
learning models. It provided a reference for further development of more effective material performance prediction
methods.
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